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RBHFE 1: LambdaRank NN ZB4SEH (TensorFlow™)

def apply_discount(x):
return np.log(2.0) / np.log(2.0 + x)

def compute_weights(logit_op, session):

logit_vals = session.run(logit_op)

ranks = NUM_SAMPLES - 1 - logit_vals.argsort(axis = 1).argsort
(axis = 1)

discounted_non_booking = apply_discount(ranks[:, 1:])

discounted_booking = apply_discount (np.expand_dims(ranksl[:,
0], axis = 1))

discounted_weights = np.abs(discounted_booking -
discounted_non_booking)

return discounted_weight

# Compute the pairwise loss

pairwise_loss = tf.nn.sigmoid_cross_entropy_with_logits(targets
= tf.ones_like(logit_op[:, 0]), logits = logit_op[:, 0] -
logit_opl[:, i:]

# Compute the lambdarank weights based on delta ndcg
weights = compute_weights(logit_op, session)

# Multiply pairwise loss by lambdarank weights

loss = tf.reduce_mean(tf.multiply(pairwise_loss, weights))




Decesion Tree/Factorization Machine NN
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Multi-task Learning
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