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o FIAANESZE S (Machine Learning) &R Ranking [al@RE AWM Learn-
ing to Rank &%, fE# LTR.

e LambdaMART & LTR EZEFH—M, BT LTR FHY Listwise FEIA.

LambdaMART HHMERDER.
e Lambda @l FZITEFERNATEMRE, KB LambdaRank.
e MART £ Multiple Additive Regression Trees H4EE, SEPRFLE
GBRT (Gradient Boosted Regression Trees) ifi2 GBDT (Gra-
dient Boosting Decision Tree).
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3 Lambda

® RankNet
e LambdaRank
e LambdaMART

3.1 RankNet BIBIH
Ranking H& IR T A RIS E
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3.3 LambdaRank

e RankNet FHiFEN1AAEITF NDCG BEI— NI BEREE;
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Algorithm 1 LambdaMART &;

. procedure \-MART({Z, vy}, N, L, )
fori:0 — |{a’c’, 'y}‘ do
Fo(Z;) = BaseModel(Z;)
end for
for £: 0 — N do
for i : 0 — |{f, y}‘ do
Yi = Aq
-, ov;
OFk_1(Z%)
end foLr
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end for
end for
. end procedure
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